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Snippets: 200
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Readability is indeed subjective
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CODE READABILITY

To what extent is it possible to assess 
code readability as subjectively 

perceived by developers?
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Developers Assessments

Unreadable - {1, 2} Neutral - {3} Readable - {4, 5}



RQ1

How effective are generalist models 
in predicting developers’ subjective 
assessments of code readability ?
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RQ1

Generalist models are not effective for personalized code readability 
assessments.



RQ1

Generalist models are not effective for personalized code readability 
assessments.

Generalist LLM achieves lower performance than a significantly 
smaller, feature-based model tailored for readability predictions.



RQ2

How effective is an LLM-based 
personalized code readability assessment 
model in predicting developers subjective 
assessments of code readability? ?
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MODEL INPUT

MODEL

You are an expert and personal code readability 
labeler.

Your role is to assign a code readability label 
based on the already known preferences of the 
developer. The labels you can assign are: 
Unreadable, Neutral, and Readable.

Below you find examples of the already known 
developer preferences.
0-shot
1-shot
2-shot

Now, assign the developer code readability label 
for the following one:
target-snippet

Unreadable

Neutral

Readable
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RQ2

Personalized LLM-based code readability models are less 
effective than a state-of-the-art generalist model.



RQ3

To what extent are developers’ code 
readability assessments consistent?
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RQ3

Developers code readability assessments show moderate consistency, 
with 32% inconsistency in Db&w and 23% in Ds .



OUTCOMES

The definition of 
personalized code 

readability prediction 
models is worth future 

investigation.
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The definition of 
personalized code 

readability prediction 
models is worth future 

investigation.

 Future work should aim at 
using more principled 

procedures for defining code 
readability datasets.



SUMMARY: FIXING


